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ABSTRACT

In this paper we analyse the ratings given in 1993 to the main Spanish banks, both private and governmental. We use 24 financial ratios obtained from the balance and the profit and loss accounts. Multidimensional Scaling, a multivariate technique which is intuitive and robust to the data, forms the basis of the study. This is complemented with other multivariate statistical techniques such as Cluster Analysis, Property Fitting (Profit) and Logit. The results identify the financial information that has been used by the rating agency. It also confirms the conjecture that other factors, such as the public or private character of the institution have also been taken into account by the rating agents.


The development of debt markets has stimulated an interest in bond rating. Bond rating has played an important part in the development of capital markets in the USA. In Europe, bond rating has been increasing in influence in recent years. Bond rating is a relatively new activity in Spain, despite the fact that Spain's market in short term debts is of substantial size.


In this paper we analyse the ratings given in 1993 to the main Spanish banks, both private and governmental. It has been suggested that rating agents take into account public financial information as well as other information of qualitative nature. Here we use 24 financial ratios obtained from the balance and the profit and loss accounts. When interpreting the results we also comment on the individual characteristics of the banks studied.


Multidimensional Scaling, a multivariate technique which is intuitive and robust to the data, forms the basis of the study. This is complemented with other multivariate statistical techniques such as Cluster Analysis, Property Fitting (Profit) and Logit. Multidimensional Scaling results in a series of maps that summarise in a graphical way the main characteristics of the data. Examination of such maps produces powerful insights into the bond rating process.


The results identify the financial information that has been used by the rating agency. It also confirms the conjecture that other factors, such as the public or private character of the institution have also been taken into account by the rating agents.

INTRODUCTION
Bond ratings represent the opinion that specialised firms have of the relative ability of an issuer or lender of meeting its interests or repayments promptly, Moody's (1993). Such ratings are, therefore, a useful service which could be of relevance when making investment decisions since it provides information on risk. Even if the ratings are mainly a service to the investor, their existence benefits all the agents in international financial markets: issuers, financial intermediaries and market regulators.


Financial risk is measured by means of a symbolic scale which reflects the level of risk, both long term and short term, which is associated with an issue of debt. The higher the risk of default on the bond, the lower the rating given, Standard and Poor's (1993).


Bond rating companies claim that financial and non-financial information are taken into consideration when producing a rating. They mention factors such as the competitive position of the issuer, its business plan, its management strategy, its future investment plans, and any external circumstance that may affect its future solvency. They also mention that financial statement analysis plays an important part, although they accept that no clearly defined criteria exist on how this is taken into account. The relative importance of qualitative and quantitative information is said to change from case to case. This is an issue that will be taken up in this paper.


Attempts have been made to predict bond rating from financial and non-financial information using statistical models; some examples are Horrigan (1966), Pogue and Soldofsky (1969), West (1970), Pinches and Mingo (1973 and 1975), Ang and Patel (1975), Peavy and Edgar (1984). These studies have attempted to test the predicting ability of a small number of explanatory variables. For this reason, the most frequently used tools have been multiple regression and discriminant analysis. More recently, Artificial Neural Networks have been employed for this purpose; Utans and Moody (1991), and Dutta, Shekhar and Wong (1994).


This paper concentrates on the Spanish banking system. The ratings given to the main Spanish banks are analysed in the light of available accounting and non-accounting information. Although not all Spanish banks have been rated, most have been included in the study in order to obtain a general picture of the rating process. One of the objectives of the study is to assess to what extent variations in the ratings can be associated with published information.


Multidimensional Scaling (MDS) has played an important part in the analysis. MDS is less demanding in terms of assumptions than other statistical multivariate techniques. Under certain restrictive conditions it produces exactly the same results as other more traditional techniques such as Principal Components Analysis (PCA); see Chatfield and Collins (1980). It is also closely related to other techniques such as Logit analysis and Discriminant Analysis. Its advantage relies on the use of graphical representations to which qualitative information can be added. MDS has been used to predict bank failure by Mar Molinero and Serrano (1994) and to analyse the path that a company follows on the way to failure by Mar Molinero and Ezzamel (1991). A review of applications of MDS in Accounting and Finance can be found in Mar Molinero and Serrano (1994).


The paper is organised as follows. First, the principal characteristics of the fixed interest rate market in Spain, and the role played in it by bond ratings, are discussed. Next, details of sample selection and data sources are given together with the model used in the analysis. This is followed by the MDS results. The paper ends with a brief survey of the most important conclusions.

BOND RATINGS: THE SPANISH CASE
Bond rating originated in the USA and it is in that country where its use is most widespread. The complexity of capital markets in the USA, together with cases of default by well-known institutions, explain the interest that USA investors have developed in bond ratings. Statistical study of bond rating in the USA is facilitated by the availability of financial information, since the Securities and Exchange Commission (SEC) requires that certain information be published when long term debt is issued.


The internationalisation of capital markets outside the USA and their gradual growth have led to the internationalisation of bond rating. Outside the USA one of the most important users of bond ratings has been the euromarket. This market, whose agents are state governments and multinational companies, established itself during the 70s decade and, in its beginnings, used to operate in a very informal way since credit risk was assessed on the basis of the name and reputation of the issuing institution. The emergence of a high number of bond issuers, some of them not very well known, and some cases of default have stimulated the bond rating activity.


Similar considerations apply to national credit markets which have also grown substantially in recent years. It is to be expected that bond rating will soon play an important part in the decision to invest at the national level. It is the case that interest in bond rating is growing in UK, France and Germany.


Several Spanish issuers have already been rated for the purposes of international financial markets but such ratings have hardly been produced for issues aimed at the Spanish national market. The high level of concentration in the Spanish domestic market, where a small number of issuers have a long tradition, has resulted in investors guiding their decisions on the basis of the issuer's reputation. Besides, the low demand for domestic bond ratings may also be explained by the fact that the Spanish fixed interest market is dominated by National Debt issues which entails a very low level of risk to the investor.


The Spanish bond market is important. According to Standard and Poor's (1993), it is the fourth one in the world in volume of short term debts and, in terms of private debt, it ranks fourth in size in the European Union after the United Kingdom, France and Germany.  Non-state debt has been on the increase in recent years, but this has been mainly due to short term securities issued by firms, rather than to the growth of long term debt. The evaluation of credit riskiness is rapidly becoming an important issue, particularly after recent cases of bankruptcy, some of them involving well known issuing institutions.


There are other factors that point out towards an expansion of the rating of bonds in Spain. As the market grows new issuers join in. These tend to be of smaller size and less well known than traditional financial agents, and their issues would benefit from independent rating of their bonds by specialised firms, particularly if financial intermediaries take a less prominent role as it appears to be unavoidable. This growth in the Spanish market has attracted a number of foreign investors who request full information on the most important Spanish industrial firms and Spanish financial institutions. Such investors would make full use of bond ratings when assessing the risk they are incurring. Finally, financial products, which could be rated, are becoming more sophisticated and more difficult to assess by the investor.


At present, ratings are available in Spain almost only for the strongest industrial firms and banks, the overwhelming majority of them being banks. The ratings tend to be very high. To meet the growing demand for ratings three rating agents opened offices in Spain between 1991 and 1992: Standard & Poor's España; Moody's Investors Service España; and IBCA España.

SAMPLE SELECTION AND DATA
The Spanish banking sector enjoys very high levels of profitability and high degree of concentration. It is dominated by a small number of institutions. Attemps have been made to break down barriers to competition, particularly in the framework of the European Union after the 1st of January 1993. For this reason it has been targeted by competitors from other countries. Many foreign institutions have set up offices in Spain. In this paper we concentrate on banks only and leave aside industrial firms.


In 1993 the Spanish banking sector contained 167 institutions; of these, 109 were Spanish private banks; 6 were State national banks; 22 were foreign banks with main office outside the European Union; and 30 were foreign banks established in the European Union. All these banks were initially included in the sample. No information was available on the 30 European Community banks, as existing legislation does not require them to disclose details of their Spanish business. They were excluded from the sample. Banks with only one or two offices in Spain were also removed from the sample, this led to the exclusion of all non-European Community foreign banks, although Spanish filials of foreign banks were kept in the sample. This process reduced the sample to 88 institutions, which accounted for 99.03% of all deposits.


The financial data used in this paper was published in the Yearbook of the Higher Banking Council (Consejo Superior Bancario) and was reprinted in the financial section of the national newspaper El País on the 30th October 1994.


Bond ratings are described as "opinions of the ability of issuers to repay punctually debt obligations which have an original maturity not exceeding over 365 days", Standard and Poor's (1993). The ratings are given in the form of an ordinal scale ranging from A-1 for the best to D for the worst. Within the A-1 category, a plus sign (+) is added to the issues considered to be of very high quality. Only A-1+, A-1 and A2 ratings were available for this paper. The number of bonds rated in the Spanish market did not exceed thirty and not all of them were associated with banking institutions.


Bond ratings were available from Standard and Poor's and Moody's. When both ratings were available for a particular financial instrument, the two agencies produced equivalent qualifications, but more ratings were available from Standard and Poor's and we decided to use this last agent as a source of data. Amongst all the financial instruments that had been rated, short term foreign currency bonds were taken as representative, as they are easily available in the international markets. Nevertheless, ratings were available for only ten banks. Table 1 shows the banks concerned and their ratings.

==========================================

Table 1 about here
==========================================


According to Standard & Poor's, bond ratings require a detailed evaluation of all aspects, qualitative and quantitative, of the issuing institution. Qualitative information said to be taken into account includes business analysis, competitivity analysis, and evaluation of the management function. The support received from the public sector is also claimed to be an important factor in determining quality. The sources mentioned for quantitative information are basically accounting statements.


It is clearly not possible for this paper to use the data set available to Standard & Poor's since this agency has access to confidential information provided by company directors, which is never published. Nevertheless, we have tried to include variables that reflect the whole spectrum of financial aspects which would be of interest to the analyst. These have resulted in 24 financial ratios which attempt to capture profitability, capital structure, financial cost, risk structure, etc. No attempt has been made to reduce the data set, as the statistical techniques employed can deal with data redundancy and correlated variables. Table 2 lists the ratios included.

==========================================

Table 2 about here
==========================================

 MODEL AND EMPIRICAL RESULTS
Given the limited number of ratings, only ten of which seven are identical, traditional models to explain bond rating, such as discriminant analysis, are out of the question. An alternative approach, based on Multidimensional Scaling (MDS), which overcomes data deficiency problems has been followed here.


 MDS attempts to produce geometrical representations of the data set. The technique produces a series of maps that summarise the main features of the data. External information, which has not been used to create the maps, can then be added in a structured way in order to explore its relevance.


MDS constructs a map from a set of distances, or dissimilarities. Thus, the first decision what is to be considered as a measure of dissimilarity in this particular case. There are many ways in which measures of dissimilarity can be constructed. In this particular case, a two step process was followed. First, ratios were standardised to zero mean and unit variance. This is an attempt to make the results insensitive to the units of measurement, as each ratio is measured in different units. Second, the dissimilarity between any two banks was calculated as the euclidean distance between standardised ratios. Any two banks that have very similar ratio structures will show a small distance between their standardised ratios. The converse will also be true, if two banks have very different ratio structures, the distance between their standardised ratios will be high.


MDS will now try to produce maps in such a way that those banks for which calculated distances are small will be placed next to each other in the space and those banks for which the calculated distances are large will be placed far apart. Distances are, of course, invariant to rotation. MDS will locate the banks in the space in such a way that the centre of coordinates coincides with the centre of gravity of the points (centroid) and that the coordinates form a set of orthogonal variables. In this sense, the coordinates are equivalent to principal components in Principal Components Analysis; see Chatfield and Collins (1980). 


To produce the map from the set of distances, Kruskal's non-metric approach was followed and implemented by means of the SPSS for windows package, Provan (1993).


The analysis was repeated with other definitions of dissimilarity measure but the results were found robust to this choice and are not reported here.


There are several ways in which the dimensionality of the data can be assessed. It is possible to use Principal Components analysis as done by Mar Molinero and Serrano (1994), or apply the "elbow test" as suggested by Kruskal (1964), or simply choose a level of dimensions for which a measure of goodness of fit, such as stress, achieves an acceptably low value, Coxon (1982). In general, all these methods point out in the same direction and they did so in this particular case. The value of the raw stress coefficient was 0.046 in six dimensions. This is described by Kruskal (1964) as "good". This result is consistent with Principal Components Analysis; it was found that the first six components of the matrix of standardised ratios account for 74.5% of the total variance.


A map in six dimensions is difficult to visualise. Graphical representation is limited to projections into two-dimensional subspaces. Much can be learned from the inspection of such sub-spaces, but it is much more satisfactory to use a structured approach to the exploration of the meaning of the dimensions and to the interpretation of the maps. A very useful technique in this respect is Property Fitting, or Profit. Profit Analysis is regression based. If it is suspected that a particular characteristic of a bank may explain the position of the bank on the map, then this characteristic is taken as the dependent variable in a regression model, with the coordinates of the bank in the MDS representation as the independent variables. A full explanation of Profit Analysis and of its relationship with regression can be found in Schiffman et al (1981) and in Mar Molinero (1991). 


Financial ratios were taken one at a time and used as dependent variables in Profit. Most values of R2 where high. Except for three ratios, this coefficient of determination was higher than 0.8. The exceptions were a cash ratio, a cost structure ratio, and a market share ratio. These ratios were not considered to be of relevance to profit analysis and, would not have influenced bond rating decisions. 


The first dimension was found to be associated with ratios 6, 7 and 8. These three ratios have as a denominator Total Assets. The numerator contains various elements of the Profit and Loss Account. This dimension is clearly related to the economic profitability of the bank.


The second dimension is associated with bad debts. The ratios that are most relevant to this dimension are 24, 25 and 26. This dimension is also associated, but in an inverse way, with ratio 9, return on equity, this implies that low return on equity is associated in this case with high level of bad debts.


The third dimension is related to cost structure, particularly with ratios 11 and 14 which have processing costs in the numerator.


The fourth dimension can be interpreted with reference to the number of employees, their productivity and the number of branches. The banks that appear at the extreme end of this dimension show high values in ratios such as 15 (Total Assets over Number of Employees), 16 (Operating Margin over Number of Employees), 17 (Net Profit over Number of Employees), 19 (Deposits over Number of Employees) and 20 (Average Number of Employees per branch).


The fifth and sixth dimensions are associated with accounting items that explain the structure of the balance sheet: Cash over Total Assets, Fixed Assets over Total Assets, and Equity over Total Assets.


It would be impractical to reproduce here all the maps that were obtained. Only the representation in dimensions 2 and 4 is shown in Figure 1. The relevant profit lines are also shown. This figure has been chosen because it is the one that is found to explain best the rating of banks as will be discussed below.

==========================================

Figure 1 about here
==========================================


Figure 2 reproduces the same configuration as Figure 1 but bond ratings have been added when available. Despite the dearth of rankings, it can be seen in Figure 2 that the second dimension is related to the rating score. The lowest rated banks appear to be those that take extreme positions along this dimension; i.e. they are associated with high values of bad debt and low return on equity. The opposite is true of those banks that are highly rated. Three banks -Santander de Negocios (SNG), Crédito Local (CLE) and Hipotecario (BHE)- appear at the lower end of this dimension. These are the highest rated banks, and enjoy high reputation in the Spanish banking system. It is worth mentioning that the two factors that help interpret the meaning of Dimension 2, bad debts and low profitability, were identified as driving forces in the Spanish banking crisis of the eighties during which 58 out of a total of 108 private Spanish banks had to be rescued by the supervisory division of the Bank of Spain; see Rodríguez (1989).

==========================================

Figure 2 about here
==========================================


Dimension 2 does not totally discriminate between banks rated differently. Two banks, Bilbao Vizcaya (BBV) and Santander (SAN), appear next as one moves up in Dimension 2. Both have the highest rating, A-1+. At slightly higher values of Dimension 2, three banks are to be found -Central Hispano (BCH), Sabadell (SAB) and Exterior (BEX). Central Hispano and Sabadell share a slightly lower rating, A-1. Exterior, however, with a higher coordinate along dimension 2 has a higher rating, A-1+. Further along dimension 2 the bank Corporación Bancaria (CBE) is to be found. This bank has a high value of the second coordinate and a high ranking, A-1+. It is clear that Dimension 2 is not the only factor that rating agents take into account.


Corporación Bancaria, Exterior, Hipotecario and Crédito Local are state owned banks. All of them were allocated the highest ranking, and all of them can be seen on the right of Figure 2. Thus, it appears to be the case that the position along dimension 4 is related to bank ownership, and than bank ownership has been taken into account when allocating ratings. Standard & Poor's made no secret of the fact that ownership was a factor taken into consideration when assessing the riskiness of an issue. 


Figure 2 has been derived using financial ratios alone, it is clear that banks under state ownership have financial features that differentiate them from banks under private ownership. Profit analysis has shown that dimension 4 is related to manpower productivity and number of branches. The business strategy of Spanish state banks is not based on a wide network of branches but on service specialisation. For example, the Hipotecario specialises in Mortgages; the Exterior in foreign trade; and the Local in local council financing. To test this conjecture two separate analyses were carried out: logit and linear discriminant analysis. In both cases a dichotomy was used as dependent variable: zero if a bank was state controlled and one if it was private. The twenty four original financial ratios were used as explanatory variables. The program SPSS for Windows was used to perform the calculations. The most influential ratio in both models was 15 (Assets over Number of Employees). Other ratios that were also found to be associated with this dichotomy were 16, 17, and 18. All of them are highly correlated with dimension 4, as shown by Profit analysis.


Further insights can be obtained by means of Cluster Analysis. It is possible for two points that are far apart in the six-dimensional space to appear next to each other in a two-dimensional projection. For this reason, it is convenient to complement the two-dimensional maps with an indication of how far apart in the space are the points. This was done by means of Hierarchical Cluster analysis, using the same measure of similarity that was used for the MDS exercise. The results have been added to Figure 2.


The banks fell into a small number of clusters. One of the clusters was formed by a large number of banks of similar characteristics. This cluster can be seen in the middle of Figure 2. Another cluster contained five of the six largest Spanish banks: Central Hispano (BCH), Bilbao Vizcaya (BBV), Santander (SAN), Exterior (BEX) and Caja Postal. Ratings were available for four of them. Another large bank, Banesto (BAN93) clusters with a set of banks which fall towards to the top of the second dimension, and are associated with bad debts and low profitability: Abel Matutes (51), Europeo de Finanzas (67), Europa (55), and Cantabria (82). All these banks had losses in 1993 and most were in a process of re-structuring, including manpower reduction.


Once the MDS maps have been obtained, they can be used to study banks that were not included in the original analysis, or the evolution of a bank over time. This can be done in a variety of ways, see Mar Molinero and Serrano (1994). MDS was used in this way in order to study the evolution of Banesto, a major private bank that was intervened by the Bank of Spain. The position of this bank in 1991, 1992 and 1993 has been calculated and plotted in Figure 2: BAN91, BAN92, and BAN93. Banesto was intervened by the Bank of Spain on the 28th December 1993, and this is already mentioned in the 1993 statement of accounts. As can be seen from Figure 2, during 1991, and judging from available financial information, Banesto (BAN91) was very close to Bilbao Vizcaya (BBV). In 1992 there was a slight change upwards along dimension 2, associated with a decrease in profitability and an increase in bad debts, and Banesto (BAN92) appears next to Sabadell (SAB). In 1993, after the intervention, Banesto appears at the top end of dimension 2. If the financial deterioration of this bank was already in place before 1993, this was not obvious from published accounts. The auditor's report, now the basis of legal action, does not appear to reveal any impropriety and does not qualify the accounts.


It is interesting to trace the evolution of Banesto's ratings. Banesto was rated by Moody's as Aa3 in March 1992. This was lowered to A2 in August 1993. Standard & Poor's rated it as A-1 under negative credit watch in June 1993. This was lowered to A-2 just a few weeks before it was intervened. It is clear that the decision to lower the rating, which appears to be correct, was based on more than published accounting information alone. It is to be mentioned that bond holders, to whom bond ratings are aimed, have not lost any money, a high rating had been justified. The same cannot be said of equity owners who endured substantial reductions in the value of their investments.

SUMMARY AND CONCLUSIONS
This paper has used Multidimensional Scaling techniques to study the relationship between accounting information and the ratings allocated by rating agencies to ten Spanish banking institutions.


It has been established that the rating process takes into account some of the accounting information published. In this case, the main accounting factors determining the rating were bad debts and profitability on the one hand, and type of ownership in the other. Ownership is not strictly accounting information but, in Spain at least, there are differences between private and state banks that filter into accounting ratios. These differences relate mainly to staff productivity considerations and branch coverage policy.


It has also been argued that other factors not available in traditional accounting reports are taken into account when rating a bond. The evolution of Banesto, a bank that was intervened by the Bank of Spain, has served to highlight the fact that bond rating is not necessarily equivalent to solvency evaluation. Investors who would have used the ratings to buy bonds would not have lost money.


Only a few ratings were available for Spanish banks, but interpretation of the MDS maps may be used to form an opinion on the banks that had not been rated. This shows that MDS is a powerful analytical tool with a great deal of promise.
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	No
	Financial Ratios

	R1
	Cash/Total Assets

	R2
	Fixed Assets/Total Assets

	R3
	Equity Capital/Total Assets

	R4
	Financial Revenues/Total Assets

	R5
	Financial Margin/Total Assets

	R6
	Operating Margin/Total Assets

	R7
	Net Operating Income/Total Assets

	R8
	Income Before Taxes/Total Assets

	R9
	Net Income/Equity Capital

	R10
	Total Expenses/Total Assets

	R11
	Operating Expenses/Total Assets

	R12
	Financial Costs of Deposits/Deposits

	R13
	Personnel Expenses/Operating Expenses

	R14
	Operating Expenses/Operating Margin

	R15
	Total Assets/Number of Employees

	R16
	Operating Margin/Number of Employees

	R17
	Net Income/Number of Employees

	R18
	Personnel Expenses/Number of Employees

	R19
	Deposits/Number of Branches

	R20
	Number of Employees/Number of Branches

	R21
	Provisions/Total Assets

	R22
	Provisions/Net Operating Income

	R23
	Bad Debts/Deposits

	R24
	Market Share of Deposits


Table I. Financial Ratios 

	No
	Bank
	Rating
	Ownership

	1
	Central Hispano (BCH)
	A-1
	Private

	2
	Bilbao Vizcaya (BBV)
	A-1+
	Private

	3
	Santander (SAN)
	A-1+
	Private

	4
	Español de Crédito 1993 (BAN93)
	A-2
	Private

	8
	Sabadell (SAB)
	A-1
	Private

	9
	Santander de Negocios (SNG)
	A-1+
	Private

	83
	Exterior de España (BEX)
	A-1+
	State

	85
	Hipotecario de España (BHE)
	A-1+
	State

	86
	Crédito Local de España (CLE)
	A-1+
	State

	88
	Corporación Bancaria de España (CBE)
	A-1+
	State

	89
	Español de Crédito 1991 (BAN91)
	
	Private

	90
	Español de Crédito 1992 (BAN92)
	A-1
	Private


Table II. Ratings. Source: Standard & Poor's (1993)

	No
	Bank
	No
	Bank
	No
	Bank

	1
	Central Hispano
	31
	Galicia
	61
	Privanza

	2
	Bilbao Vizcaya
	32
	Catalá de Credit
	62
	Banif de Gestión

	3
	Santander
	33
	Gallego
	63
	Espirito Santo

	4
	Español de Crédito 1993
	34
	Vitoria
	64
	Deutsche Bank Credit

	5
	Popular Espanol
	35
	Peq y Med Emp
	65
	Crédito Canario

	6
	Bankinter
	36
	Crédito y Ahorro
	66
	Banco 21

	7
	Pastor
	37
	Granada
	67
	Europeo de Finanzas

	8
	Sabadell
	38
	Vasconia
	68
	Exportación

	9
	Santander Negocios
	39
	Alicante
	69
	Sociedad Españ Banca

	10
	Atlántico
	40
	Sindicato Banqueros
	70
	Directo

	11
	Banca Catalana
	41
	Simeón
	71
	Inversión

	12
	Comercio
	42
	Mapfre
	72
	Pueyo

	13
	Comerc. Transatlántico
	43
	Meridional
	73
	Etcheverría

	14
	Urquijo
	44
	Indosuez España
	74
	Mercantil Tarragona

	15
	Barclays Bank
	45
	Crédito Balear
	75
	Arabe Español

	16
	Zaragozano
	46
	Asturias
	76
	Universal

	17
	Bank of America
	47
	Luso Español
	77
	Inversión y Serv Finan

	18
	Guipuzcoano
	48
	Jerez
	78
	Industrial de Cataluña

	19
	Herrero
	49
	Gestión e Inversión
	79
	Credipas

	20
	BNP. España
	50
	Bankoa
	80
	Eurobanco Principat

	21
	Natwest España
	51
	Abel Matutes Torres
	81
	Consolidado España

	22
	Andalucía
	52
	Extremadura
	82
	Cantabria

	23
	Fomento
	53
	Desarrollo
	83
	Exterior de España

	24
	Credit Lionnais España
	54
	Murcia
	84
	Caja Postal

	25
	Citibank España
	55
	Europa
	85
	Hipotecario de España

	26
	Valencia
	56
	Caixabank
	86
	Crédito Local

	27
	March
	57
	Sabadell Multibanca
	87
	Crédito Agrícola

	28
	Castilla
	58
	Finanzas e Inversiones
	88
	Corporación Banc Esp

	29
	Madrid
	59
	Abbey National Bank
	89
	Español de Crédito 1991

	30
	Jover
	60
	Finanzia
	90
	Español de Crédito 1992
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